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Photovoltaic System Degradation
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Context and goals
—

= Estimation of the performance loss rate (PLR) is complex as there is no
standard method or definition, and uncertainties are often overlooked "
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Solutions

q

:\.  Novel PLR estimation method with minimised uncertainty

é@ Relies on multi-annual year-on-year comparisons: multi-YoY

= This work proposes a simple, efficient solution to maximise data usage and m Effectively reduces the PLR confidence interval (up to 92%)

minimise the PLR statistical uncertainty.
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Conclusion
- |

Developed a novel method for PLR estimation (multi-YoY) based on
the multi-annual year-on-year comparison of performance ratios.

Compared to the standard YoY method, multi-YoY increases both
accuracy and precision of PLR estimations.
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with the multi-YoY method, although with minimised uncertainties.

The method is successfully validated with synthetic performance
data and tested with IEA PVPS Task 13 datasets.

Future research will aim to further validate the method’s robustness
to data-related issues, such as gaps, non-linearity and outliers.
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