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Tired tor Calibrating the Noise Model? Try Our LEDI

Training with Paired Real Data: SID (CVPR 2018) 2 pairs + 1.5k iterations = SOTA Performance! Removing the
e - Out-Of-Model Noise!

: Save the latest modet. : LED could suppress the artifact caused by lens.
: Validation SIDSonyPaired100 . TR [

Har¥

Nankai University

: End of training. Time consumed:
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Training with Calibrated Noise Model. :
ELD (CVPR 2020) » Compared with the SOTA ELD (training with PMN's strategy) (left), LED (right) only requires 0.26% of : __Input _ELD LED (Ours)

the training time (and 5% of the training data, which denotes the data requirement for calibration in
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ELD), while demonstrating a significant performance improvement on the SID Sony dataset! = , |
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modeling noisy pairs. , Synthesis Structural Modification without Additional Cost Why with Two Pairs?

> However, these methods are ig PR ¥ RepNR Block ‘ 1 Pairs 2 Pairs, Similar Gains 2 Pairs, Different Gams
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(1) w/o Calibration = > A totally calibration-free S N A A log(K) log(K) log(K)
ineli for RAW i @ Pre-train @Fme-tune > As it is known to all, the camera's gain and noise variance have a
Synthesis pipeline Tor Image '
_ q o e ITEsaning log linear relationship, as illustrated in the above graph.
' e-noising. |
‘” > % : Real Noisy > With just two pairs of images, LED can effectively learn this linear
Pre- trammg » Loosen the COUPIEd ,( _____________________________________________________________________ : relationship, as two points are enough to determine a straight line.
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de-no|s|ng network L T e | Their ISO setting should be significant different for better fitting.
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